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ABSTRACT
In the upcoming growing of technology the use of databases are very high. As the use of databases grows higher the dirty data
on the other side is the biggest disadvantage with the databases. Dirty data can contain such mistakes as spelling or
punctuation, incorrect data associated witha field, incomplete or outdated data or even data that is duplicated in the
database. Various data cleaning software's are used to remove the dirty data. In our paper we are proposed a concept of
Genetic programming approach to record Deduplication that combines several different pieces of evidence extracted from the
data content to find a Deduplication function that is able to identify whether two entries in a repository are replicas or not. In
addition, our genetic programming approach is capable of automatically adapting these functions to a given fixed replica
identification boundary. We are applying this genetic programming approach for the blood bank database management to
deduplicate the records.
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Genetic algorithms are ideal for these types of problems
where the search space is large and the number of feasible
solutions is small. To apply a genetic algorithm to a
scheduling problem we must first represent it as a genome.
One way to represent a scheduling genome is to define a
sequence of tasks and the start times of those tasks relative
to one another. Each task and its corresponding start time
represent a gene[13]. A specific sequence of tasks and start
times (genes) represents one genome in our population. To
make sure that our genome is a feasible solution we must
take care that it obeys our precedence constraints. We
generate an initial population using random start times
within the precedence constraints. With genetic algorithms
we then take this initial population and cross it, combining
genomes along with a small amount of randomness
(mutation)[8]. We let this process continue either for a
pre‐allotted time or until we find a solution that fits our
minimum criteria.Several systems such as digital libraries
another database system likes organization databases are
affected by the duplicates.

interpretation of a problem as a computer program and
even the data are viewed and manipulated in this way. This
special characteristic enables GP to model any other
advantage of GP over other evolutionary techniques, its
applicability to symbolic regression problems, since the
representation structures are variable. Gp is able to
discover the independent variables and their relationships
with each other and with any dependent variable. Thus, GP
can find the correct functional form that fits the data and
discover the appropriate coefficients
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1. INTRODUCTION

2. PROCEDURE FOR PAPER SUBMISSION
The problem of record duplication is solved by some of the
evolutionary techniques. Genetic programming is one of
the best known evolutionary programming techniques. The
main aspect that distinguishes GP from other evolutionary
techniques is that it represents the concepts and the

3. MATH
The term entropy usually refers to the Shannon entropy,
which plays a central role in information theory as a
measure of information, choice, and uncertainty contained
in a system consisting of a random variable
Entropy ( Set )
)

I (Set )

−∑ P(value i ) ⋅ log 2 P(value i

Information Gain is the expected reduction in entropy
caused by partitioning the examples according to a given
attribute Visualizing Information Gain
Gain(S, A) = Entropy(S) – (|Sv|/|S|) x Entropy(Sv))

4. HELPFUL HINTS
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Identifying and handling replicas is important to guarantee
the quality of the information made available by the data
intensive systems such as digital libraries and e‐commerce
brokers. These systems rely on consistent data to offer high
quality services, and may be affected by the existence of
duplicates, quasi replicas, or near duplicate entries in their
repositories. Thus, for this reason, there have been
significant investments from private and government
organizations for developing methods for removing
replicas from large data repositories. In this paper, we
presented a GP‐based approach to record deduplication.
Our approach is able to automatically suggest
deduplication functions based on evidence present in the
data repositories. The suggested functions properly
combine the best evidence available in order to identify
whether two or more distinct record entries are replicas
(i.e., represent the same real‐world entity) or not. Our
experiments show that our GP‐based approach is able to
adapt the suggested deduplication functions to different
boundary values used to classify a pair of records as replica
or not. Moreover, the results suggest that the use of a fixed
boundary value, as close to 1 as possible, eases the
evolutionary effort and also leads to better solutions.
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